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B.Huffakar, E.Nemeth, k.claffy,
Otter: A general-purpose network visualization tool Proc. INET99, 1999
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Tracking the evolution and diversity in network usage of smartphones (IMC’15)
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applied to 12+1 years of internet (Tele. Sys. in 2015)
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Enhancing the performance of mobile traffic identification with communication patterns (COMPSAC’15)
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Correlation among piecewise unwanted traffic time series (Globecom’08)
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Extracting hidden anomalies using sketch and non-Gaussian
multiresolution statistical detection procedures (LSAD’07)
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A Hough-transform-based anomaly detector with an adaptive tiffié interval (ACR in 2013)
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Visual comparison of network anomaly detectors with Chord diagrams (SAC’14)
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Towards classification of DNS erroneous queries (AINTEC'13)
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Dependency of network structures in agent selection and dependency (IAT’06)
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